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Goal: Recover complete, non-overlapping 3D geometry from unposed images,
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Non-pixel-aligned Visual Transformer for Amodal 3D Reconstruction

iIncluding both visible and occluded regions, with physically plausible structure.
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Scene-level Completeness Stage 1: 3D Latent AutoEncoder
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Scene-level Complete Reconstruction on SCRREAM dataset
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learnable scene tokens and the frozen Stage-1 decoder.
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Scene-level Complete Reconstruction TRELLIS Integration for Scene Reconstruction

. Insight: Recover the underlying scene, not just visible pixels
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Extension to Outdoor Scenes

Our Approach: NOVA3R
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« Unified framework for object- and scene-level complete 3D reconstruction
 More complete, uniform, and physically plausible geometry
« Bridging feed-forward reconstruction and latent 3D generation

Input (K=1) Lari TRELLIS Ours GT TRELLIS Ours GT Input n = 150k

n = 100k

Input (K=2) Ours



	Slide 2: NOVA3R Non-pixel-aligned Visual Transformer for Amodal 3D Reconstruction

